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Abstract.
BACKGROUND: The measures developed to fight the COVID-19 pandemic caused fear, stress and anxiety in people
over time. It was reported that pandemic fatigue, associated with the gradual loss of motivation to follow the implemented
protective measures, emerged in societies.
OBJECTIVE: This cross-sectional-methodological study aimed to validate the Turkish version of the Pandemic Fatigue
Scale, developed by Lilleholt et al. (2020).
METHODS: A web-based questionnaire was conducted to examine the validity and reliability of the Turkish version of the
PFS. 1149 participants from all regions in Turkey participated. Exploratory Factor Analysis (EFA) and Confirmatory Factor
Analysis (CFA) were performed.
RESULTS: As a result of the KMO and Bartlett’s Test of Sphericity, the scale was suitable for the factor analysis. According
to EFA, the scale has two sub-factors. The first sub-factor explained 48.7%, and the second sub-factor explained 16.7% of
the total variance. Factor loadings of items varied between 0.67 and 0.89. CFA shows that acceptable fit values were obtained
for the RMSEA, GFI, AGFI, CFI, NFI and IFI fit indices.
CONCLUSIONS: The results support that PFS is a valid and reliable screening tool that can be used to measure the
phenomenon of pandemic fatigue.
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1. Introduction

As of December 27, 2021, 290.363.466 COVID-
19 cases and 5.445.713 COVID-19 related deaths
were reported around the world. According to data
from the World Health Organization (WHO) on the
same date, 9.518.390 confirmed COVID-19 cases and
82.506 COVID-19 related deaths were reported in
Turkey [1]. Due to its rapid spread and an alarming
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number of deaths, the COVID-19 pandemic became
a clinical threat to the all population and healthcare
workers worldwide. However, information about this
new virus was quite limited when it first came out.
Since there was no treatment or vaccine, in the begin-
ning, controlling the infection was considered to be
the only intervention available to prevent the spread
of COVID-19 [2].

Accordingly, governments and health policymak-
ers are adopting risk-reducing measures to prevent
the spread of the COVID-19, starting with mea-
sures that entail obligations such as travel restrictions,
partial and complete quarantine, school closures,
mandatory quarantine practices at home, wearing
face masks, physical distancing and self-isolation. It
became tighter over time, depending on the contam-
ination rate [3–5]. For many people, the main reason
why rules are broken because of psychological weak-
nesses is the idea that it is their failure. These people
are too weak, too stupid, or immoral to do the right
things. For this reason, the term “covidiots” began to
be referred to as “pandemic fatigue. “The main reason
for the failure of public health practices for the pan-
demic is pandemic fatigue, which leads to breaking
the rules [6].

Besides aiming to control the disease, quaran-
tine also creates adverse effects on the psychosocial
health of individuals and societies. This leads to
higher prevalence of depression and anxiety, along
with fatigue and burnout [7]. Existing restrictions
may lead to physical and mental exhaustion in indi-
viduals [8] and take fewer precautions and fatigue.
However, during the long quarantine practices, com-
pulsory working from home in occupational groups
has led to results that provide constant stress from
burnout to fatigue [9].

The restrictions caused great economic difficul-
ties even in developed economies, and the decreasing
workload brought about problems such as job loss for
employees. Various socioeconomic groups were par-
ticularly vulnerable to feelings of COVID-19 related
anxiety and depression due to the sudden economic
recession, increased risk of loneliness from social
isolation and current threats of job loss and finan-
cial loss [10]. While these practices help prevent
the spread of the COVID-19 pandemic, they impose
many economic and psychological responsibilities on
citizens. In addition, the applicability of the restric-
tions depends on people’s continuous willingness to
comply with the rules [11]. It also caused insensitivity
in people, especially towards long-lasting restric-
tions.

Fatigue is a natural and expected response to con-
stant and unresolved distress in people’s lives. WHO
suggested that pandemic fatigue can be perceived as
“the loss of motivation in citizens that happens gradu-
ally while following the health-protective behaviors,
which is influenced by a range of perceptions,
experiences and emotions”. Defined as a secret phe-
nomenon that cannot be detected directly, pandemic
fatigue was expressed through an increasing number
of people who “do not comply with the recommen-
dations and restrictions sufficiently and decrease the
expected behavioral state despite the efforts made to
keep them informed about the pandemic” [12].

According to the WHO, an individual’s physi-
cal and psychological abilities have the power to
influence health-protective behaviors. The factors
that lead the individual to pandemic fatigue emerge
between these two situations. Each of the factors lead-
ing to fatigue (perceptions, intentions, experiences,
perceived inconvenience, complacency, risk percep-
tions, values and beliefs) can also be considered
as motivating factors that might provide the power
to eliminate fatigue in its field [6]. Since Decem-
ber 2019, people all over the world have started to
become weary of the protective measures, and it
can be observed that this situation, along with pan-
demic fatigue, has led the individuals not to follow
the health-protective behaviors anymore.

It has been stated that the situation that causes the
formation of waves in pandemics is the fatigue that
occurs in the previous waves. The tendency of pan-
demics to return in recurrent waves has been known
since the 1918 Spanish flu, and it has been stated that
COVID-19 will not be the last. For example, the most
crucial reason for the second strong wave in Europe
in the fall of 2020 was not the loosening of the pre-
viously designated measures in the summer, but the
general fatigue, caused by these measures emerging
in the fall [13].

Some studies suggest that people’s awareness
of the pandemic may change over time and, as a
result, may affect the spread of the disease [14,
15]. The study results conducted by Lilleholt et al.
with a sufficient sample size in many countries,
including Germany and Denmark, revealed that pan-
demic fatigue is a general feeling of unwillingness
among citizens to follow health-protective behav-
iors and demotivation to obtain information regarding
COVID-19 [16]. The study was conducted between
October 2020-January 2021, when strict rules were
reinstated after the gradual normalization in Germany
and Denmark in the spring of 2020 [17]. Studies
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have proved that general fatigue and people are reluc-
tant to comply with the rules. In terms of changing
the course of the pandemic, it is vital to determine
the level of pandemic fatigue, to ascertain who is
experiencing this condition, the feelings and percep-
tions of the people about pandemic fatigue, and the
compliance with the four important health-protective
behaviors (distance, hygienic behavior, wearing a
mask and information seeking), which are consid-
ered to be within the scope of COVID-19 measures.
To determine the level of pandemic fatigue and make
suggestions to the policymakers, translation of this
scale to Turkish was important to ascertain the level
of demotivation of the citizens in terms of following
the health-protective behaviors after the gradual nor-
malization of the strict measures in our country. In
addition, with this scale, it will be possible to deter-
mine the level of pandemic fatigue between countries
and make comparisons.

This study aims to provide a valid and reliable scale
for the Turkish population and future research by ana-
lyzing the validity and reliability of the Pandemic
Fatigue Scale developed by Lilleholt et al. [18].

2. Material and methods

This cross-sectional-methodological study was
conducted to evaluate the validity and reliability of
the Pandemic Fatigue Scale, which was developed
by Lilleholt et al. [18] in accordance with the Turk-
ish language and culture. The research was carried
out between 7 and 16 September 2021, with a sample
group consisting of individuals from seven different
geographical regions of Turkey.

2.1. Sample and sampling methods

The population of this study consists of people who
live in Turkey. Inclusion criteria were to be a Turk-
ish citizen, to be able to read what was written in
Turkish, to be 18 years or older, not to have a psychi-
atric disorder, and to volunteer to participate in the
study. Foreigners living in Turkey were determined
as exclusion criteria. Because most of the foreigners
in Turkey do not know Turkish, it is impossible for
them to fill out the questionnaire. Since it was difficult
to reach the entire population, sample selection was
made. Accordingly, it was attempted to reach as many
people as possible by using purposive and snowball
sampling methods, which are convenience sampling
methods.

In scale development studies, it is stated that at least
five times more people should be contacted [19, 20].
The Pandemic Fatigue Scale is a 6-item scale. How-
ever, since the scale included all regions of Turkey,
it was thought that it should be conducted with a
sample size of at least one thousand people; there-
fore, the maximum number of people were contacted.
Accordingly, 1215 participants were included in the
study. However, the data of 66 people who answered
the security question incorrectly were deleted, and
the study was carried out with the remaining 1149
people. A questionnaire was sent to people in differ-
ent regions to share the online questionnaire. When
the desired number for each region was reached,
the data collection process for that region was com-
plete. The data collection process continued until the
desired number of participants from each region was
reached.

2.2. Data collection tools

The questionnaire was used in this study to col-
lect the data. The questionnaire form has two parts.
In the first part, the Socio-Demographic Data Col-
lection Form, and in the second part, the Pandemic
Fatigue Scale was used. Detailed information about
the sections is presented below.

Socio-Demographic Data Collection Form: In this
part of the questionnaire, there are eight questions
about the gender, marital status, level of education,
age, occupation, COVID-19 status of the participants,
COVID-19 status of their first-degree relatives, and
the geographical region they live in.

Pandemic Fatigue Scale: Pandemic Fatigue Scale
was developed by Lilleholt et al. [18]. Pandemic
Fatigue Scale is a 7-point Likert-type (1 = Strongly
disagree, 2 = Disagree, 3 = Somewhat disagree,
4 = Neither agree nor disagree, 5 = Somewhat agree,
6 = Agree, 7 = Strongly agree), two-factor scale
with six items. Information Fatigue Sub-factor:
This sub-factor, which has three items, measures
the fatigue caused by the news and information
about the COVID-19 disease. Behavioral Fatigue
Sub-factor: This sub-factor, which has three items,
measures the fatigue caused by the desirable and
undesirable behaviors and rules in the fight against
the COVID-19 pandemic.

This scale aimed to measure the fatigue caused by
the determined behavioral patterns, rules, and infor-
mation in the fight against the COVID-19 disease.
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High scores from the scale indicate severe pan-
demic fatigue, and low scores indicate mild pandemic
fatigue.

2.3. Language validity

The scale was translated from its original English
to Turkish by two independent linguists whose native
language was Turkish and spoke fluent English.
The researchers developed a common scale text
by evaluating the scale, translated into Turkish by
two independent linguists, vocabulary, semantics and
structure. The scale, which two bilingual linguists
developed in English and Turkish, was translated
back into its original language, English. The text of
the scale, which went through a final check, com-
pared to its original version, and its deficiencies were
corrected in terms of its compatibility with the Turk-
ish culture and the original scale, and the language
validity was ensured.

2.4. Data collection process

Data were collected in two stages. The first stage
of the study was completed by distributing the Pan-
demic Fatigue Scale and the Socio-Demographic
Questionnaire, which were translated into Turk-
ish, to people with similar characteristics to the
sample of the main study for the pilot study. In
the second stage, the main research was initiated
following the corrections, additions, and deletions
made according to the participants’ feedback. In
both phases, data was collected with Google Online
Forms. The researchers shared the questionnaire link
through people residing in seven different regions of
Turkey. The data collection process was completed in
10 days.

2.5. Content validity

For content validity, the translated and finalized
scale draft was sent to a total of five researchers,
including a public health expert, a physiotherapist,
two healthcare administrators, and a researcher work-
ing in the field of health. Expert researchers were
asked to analyze the scale draft in language and con-
tent. To determine the content validity of the scale
items, they were asked to write the appropriate opin-
ion next to each item among the options: i. the item
is suitable, ii. review the item, iii. the item is contra-
dictory to the content or not appropriate. The content
validity of the scale items was calculated by dividing

the number of those who chose options i. and ii. by
the total number of experts.

2.6. Construct validity

Exploratory Factor Analysis (EFA) and Confir-
matory Factor Analysis (CFA) was performed to
evaluate the construct validity.

2.7. Determination of reliability

The Cronbach’s Alpha Coefficient was used for the
reliability assessment of the scale.

2.8. The ethical aspect of research

For the validity and reliability analysis and use of
the Pandemic Fatigue Scale by the Turkish language
and culture, the necessary permissions were obtained
from the article’s corresponding author via e-mail.
Before implementing the scale, ethics committee
approval was obtained from a state University Social
and Human Sciences Ethics Committee (approval
date and number: 06.09.2021 – 2021/132). Informed
consent was obtained from all participants.

2.9. Statistical analysis

The participants’ socio-demographic data were
expressed as a percentage and mean values. The EFA
and CFA were carried out for the Pandemic Fatigue
Scale validity analysis. The Cronbach’s Alpha Coef-
ficient was used to analyze the scale’s internal
consistency. The Pearson’s Correlation Coefficient
was used to examine the relationship between the
scale item-total scores and subscale total scores.
Descriptive and confirmatory factor analyses were
performed for the content validity index used for the
scale. Analyses were carried out with SPSS 25 [21]
and AMOS 23 [22] Software Packages. The statisti-
cal significance value for the analyses was calculated
as 0.05.

3. Results

3.1. Descriptive results

The findings regarding the socio-demographic
information of the participants are presented in
Table 1. The table shows that 63.4% (n = 729) of
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Table 1
The socio-demographic information of the participants (n = 1149)

Variables n %

Gender Female 420 36.6
Male 729 63.4

Marital status Single 421 36.6
Married 728 63.4

Education Primary – Secondary school 45 3.9
High school 99 8.6
Associate’s degree 110 9.6
Bachelor’s degree 626 54.5
Master’s degree 164 14.3
Doctorate 105 9.1

Age 18–24 years 194 16.9
25–34 years 338 29.4
35–44 years 350 30.5
45–54 years 200 17.4
55–64 years 51 4.4
65 years and over 16 1.4

Occupation Worker 113 9.8
Civil servants 638 55.5
Retired 44 3.8
Housewife 49 4.3
Self-employed 107 9.3
Student 198 17.2

COVID-19 status of their first-degree
relatives (Have they had it?)

Yes 662 57.6
No 487 42.4

COVID-19 status of the participants Yes 349 30.4
No 800 69.6

Region of residence Marmara Region 162 14.1
Central Anatolia Region 156 13.6
Eastern Anatolia Region 167 14.5
Southeastern Anatolia Region 160 13.9
Aegean Region 157 13.7
Black Sea Region 180 15.7
Mediterranean Region 167 14.5

the participants were male and 36.6% (n = 420) were
female. It was determined that 63.4% of the partici-
pants were married (n = 728). When the distribution
of the participants by age groups was examined, the
largest number of participants were found to be in
the 35–44 age group with a rate of 30.5% (n = 350),
while the lowest number of participants were found
to be in the 65 years and over the group with a rate
of only 1.4% (n = 16). It was seen that at least 150
people and above participated from each region, as
planned.

3.2. Reliability analysis

3.2.1. Reliability of the pandemic fatigue scale
with split half method

The split-half analysis method, one of the internal
consistency methods, was used to measure reliabil-
ity. In this method, to estimate test reliability, the test
is divided into two equivalent halves. The correla-

tion between the scores of half of them is calculated,
and then the reliability of the whole test is estimated
based on this calculated correlation [23]. The cor-
relation coefficient was examined between the two
parts of the PFS scale, part 1 and part 2. Accord-
ingly, a strong and statistically significant positive
relationship was found between part 1 and part 2 (see
Table 2).

In scale development studies, the Cronbach’s alpha
coefficient, which is a measure that calculates the
internal consistency of the scale items, is used to
explain or question the similarity of the items in the
scale. The similarity between the items indicates that
they measure the same construct.

The Cronbach’s alpha coefficient, which is fre-
quently used for the reliability of Likert-type scales,
is 0.70 and above, which is accepted as the thresh-
old value [24]. Internal consistency analysis was
conducted for the reliability study of the PFS (see
Table 3). The Cronbach’s alpha coefficient was used
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Table 2
Relationship between the two parts of the Pandemic Fatigue Scale: Split half

method (N = 1149)

Pandemic
Fatigue Scale

No. of items Cronbach’s
alpha

Pearson’s r P value

Part 1 6 .859 .851 <0.001
Part 2 6 .798

Table 3
Reliability of Pandemic Fatigue Scale (N = 1149)

Factors No. of items Standardized
item alpha

Corrected item-total
correlation range

1 3 .756 .65–.80
2 3 .850 .72–.89
Total scale 6 .776 .67–.79

Table 4
Test-retest reliability (N = 1149)

The forms of scale Pilot test Interclass correlation
coefficient

Main test 0.79** 0.87
First factor 0.87** 0.74
Second factor 0.78** 0.92
∗∗ = p < 0.01.

for the internal consistency of the total scale and sub-
factors of PFS. Accordingly, the Cronbach’s alpha
coefficient of the total PFS scale was 0.776, and the
Cronbach’s alpha coefficient of the two sub-factors of
the PFS scale ranged between 0.756 and 0.850. The
factors of the PFS scale and the item-total correlation
of the total scale were over .50.

3.2.2. Test-retest reliability
Test-retest reliability was used to determine the

relationship between the form of the PFS scale after
the initial translations and revisions and the main
study after the pilot study and test the scale’s stability.
The obtained results showed a very strong similarity
between the results of the pilot test of the 6-item PFS
scale and the results of the main test. Accordingly, it
can be stated that the PFS scale maintained the same
stability under similar conditions (see Table 4).

3.3. Validity

3.3.1. Content and language validity
For each item of the Pandemic Fatigue Scale,

which five different experts evaluated in terms of
culture, language and semantics to obtain content
and language validity, the fit value was found to be

0.92–1.00; and the fit value for the total scale was
found to be 0.97.

3.3.2. Construct validity
3.3.2.1. Exploratory Factor Analysis (EFA): EFA
was conducted using the SPSS 25 Software Package
[21] to determine the factors to which six items in
the Pandemic Fatigue Scale are related and the struc-
ture of these factors [25]. To conduct the Exploratory
Factor Analysis, the required Kaiser-Meyer-Olkin
(KMO) value should be 0.60 and above, and Bartlett’s
Test of Sphericity (BTS) value should be statistically
significant [26]. As a result, the Kaiser-Meyer-Olkin
Measure of Sampling Adequacy (KMO) value was
found as .785, and Bartlett’s Test of Sphericity
(BTS) value was found statistically significant, there-
fore, the sample was suitable for the factor analysis
(x2 = 2178.371, df = 15, p < 001).

The Principal Components Analysis and Orthog-
onal Varimax Rotation method were used within the
scope of the EFA conducted for the Pandemic Fatigue
Scale. According to the EFA results, the Pandemic
Fatigue Scale exhibited a two-factor structure with
six items and an eigenvalue greater than 1. The first
sub-factor explained 48.7%, and the second sub-
factor explained 16.7% of the total variance. The
two-factor structure explained 65.35% of the total
variance for the PFS scale. The factor loadings of the
first sub-factor varied between 0.80 and 0.89 the fac-
tor loadings of the second sub-factor varied between
0.67 and 0.74 (see Table 5). All items were loaded
on at least one factor with loading of 0.67 and above.
The fifth item in the scale, “I am tired of restricting
myself to protect those in the risky group against the
pandemic” was loaded on both sub-factors. However,
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Table 5
Components of the factors and communalities in the pandemic fatigue scale (N = 1149)

Item 1 2 h2

Information Fatigue Sub-factor (1)
1. I’m tired of the discussions about the pandemic on TV, newspapers and radio. .887 .774
2. I’m tired of hearing things about the pandemic. .866 .831
3. Since I don’t want to talk about the pandemic anymore, when the topic of the pandemic comes up

among friends and family, I try to change the subject immediately.
.801 .691

Behavioral Fatigue Sub-factor (2)
4. I feel restricted due to having to exhibit desired behaviors and follow the recommendations about

COVID-19.
.737 .502

5. I’m tired of restricting myself to protect those who are in the risky group against COVID-19. .699 .580
6. I’m losing the courage to fight COVID-19. .667 .543

Eigenvalue 2.919 1.002
% variance explained 48.650 16.702
Cumulative % 65.353

Note: h2 = communalities.

Table 6
The goodness of fit values obtained as a result of the CFA

Reported fit indices The fit indices
obtained as a
result of the CFA

Acceptable
values

X2/df 2.132 ≤5
P <0,001
RMSEA 0,031 ≤0,10
NFI 0,992 ≥0,90
CFI 0,996 ≥0,90
GFI 0,995 ≥0,90
AGFI 0,987 ≥0,90
IFI 0,996 ≥0,90
TLI 0,992 ≥0,95

RMSEA = Root Mean Square Error of Approximation,
GFI = Goodness-of-Fit Index, AGFI = Adjusted Goodness-of-Fit
Index, CFI = Comparative Fit Index, NFI = Normed Fit Index,
TLI = Tucker-Lewis Index, IFI = Incremental Fit Index.

it was decided that the place of this item in the litera-
ture should be under the second sub-factor, where it
was loaded with a higher factor loading (0.70) since
the factor loading in the first sub-factor was low with
0.30. All of the other items were loaded only on the
required sub-factor. Communalities for all items in
the scale were above 0.50, and these values were
above the acceptable value, which is 0.40 [27].

3.3.2.2. Confirmatory Factor Analysis (CFA):
Within the scope of the Pandemic Fatigue Scale
construct validity, the CFA analysis was conducted
in addition to the EFA to test its compatibility with
the original study. The CFA was carried out using the
AMOS 23 Software Package [22] to test the structure
obtained by the EFA. According to the CFA results
conducted for the construct validity of the Pandemic
Fatigue Scale, which consists of 6 items and two
sub-factors, the goodness-of-fit values of the model

and the acceptable values are presented in Table 6.
Table 6 shows that the χ2 value was statistically
significant (χ2/sd = 2.132; p < 0.001). As a result of
the CFA, the factor loadings in the first sub-factor
of the PFS, which has a two-factor structure, ranged
between 0.72 and 0.91, and factor loadings of the
second sub-factor ranged between 0.70 and 0.83 (see
Fig. 1). The CFA path diagram and factor loadings
regarding the scale are presented in Fig. 1.

Table 6 shows that the goodness-of-fit values
obtained for the model were above the cut-off values;
therefore, it could be stated that the model was quite
good. According to that, the CFA analysis confirmed
the 6-item two-factor Pandemic Fatigue Scale.

4. Discussion

Governments and health policymakers worldwide
have implemented unprecedented methods to reduce
the spread of the Coronavirus disease. They both
recommended and mandated obligations such as
closing schools, travel restrictions, mandatory quar-
antine practices at home, wearing masks, physical
distancing, and self-isolation [5, 28, 30–32]. While
these practices limit the spread of the COVID-19
pandemic, they impose many economic and psycho-
logical responsibilities on citizens. In addition, the
applicability of restrictions depends on people’s will-
ingness and continued willingness to comply with the
rules [10, 11]. In general, despite the intense public
support in the fight against the pandemic, it has been
reported that there has been an increase in the num-
ber of individuals who do not sufficiently comply
with the restrictions from some countries and who
are at a low level with the information given about
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Fig. 1. Pandemic Fatigue Scale CFA path diagram. As a result of the CFA, the factor loadings in the first sub-factor of the PFS, which
has a two-factor structure, ranged between 0.72 and 0.91, and factor loadings in the second sub-factor ranged between 0.70 and 0.83.

the pandemic [29]. The long duration of the pan-
demic causes pessimism in people. Long-term bans
cause people to have a negative attitude towards pan-
demic rules. For the COVID-19 pandemic, the idea
that pandemic fatigue is effective in human behav-
ior and thoughts about the pandemic has emerged
[29]. Lilleholt et al. [18] developed a brief self-report
for pandemic fatigue based on these considerations.
Against the COVID-19 pandemic, which affects the
whole world, similar situations are observed at cer-
tain intervals in the world’s countries. It seems likely
that similar behaviors will be exhibited in different
societies for pandemic fatigue. However, different
societies may exhibit different behaviors in similar
events due to their unique characteristics. This study
aims to provide a valid and reliable scale in Turkish
that will allow future studies on pandemic fatigue in
the Turkish society.

This study was desired to conduct a validity
and reliability study of the Turkish version of the
Pandemic Fatigue Scale, which was developed to
determine the dimensions of pandemic fatigue. With
the Turkish version of the Pandemic Fatigue Scale
to be obtained as a result of this study, a short and
economical measurement tool will be obtained that
can be used for the remaining part of the current pan-
demic in Turkish society and from the beginning of
subsequent pandemics.

Lilleholt et al. [18] first designed a ten-item scale in
their study and then limited their studies to six items.
They found that the one-factor structure did not fit
well, but the two-factor structure fits very well. For
the two-factor structure obtained, the first factor was
named Knowledge Fatigue, and the second factor was
named Behavioral Fatigue. The factor loads of the
three items in the first factor vary between 0.50 and
0.85, and the factor loads of the three items for the
second factor vary between 0.58–0.83. In this study,
it was determined that the scale’s reliability was suf-
ficient. As a result of the KMO (Kaiser-Meyer-Olkin
Measure of Sampling Adequacy) and Bartlett’s Test
of Sphericity, it was determined that the scale was
suitable for the factor analysis.

As a result of the EFA, the two sub-factor
scale structure was determined. The first sub-factor
explained 48.7%, and the second sub-factor explained
16.7% of the total variance. There were three items
in the first sub-factor, and the factor loadings of
these items varied between 0.80 and 0.89. In the
second sub-factor, there were also three items and
the factor loadings of these items varied between
0.67 and 0.74. Then, the CFA was performed for the
Turkish version, which showed a distribution similar
to the original scale incompatibility with the origi-
nal structure. As a result of the confirmatory factor
analysis, acceptable fit values were obtained for the
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RMSEA, GFI, AGFI, CFI, NFI, IFI and TLI Fit
Indices.

The fit of the last two-factor model for the scale
developed by Lilleholt et al. [18] was excellent
(RMSR = 0.01, RMSEA = 0.02, TLI = 1.00). For
the Turkish version of the Pandemic Fatigue
Scale, goodness-of-fit measures were found to
fit very well (RMSEA = 0.031, GFI = 0.995,
AGFI = 0.987, CFI = 0.996, NFI = 0.992, IFI = 0.996
and TLI = 0.992). Therefore, it was determined that
the Turkish version of the Pandemic Fatigue Scale
is a valid and reliable scale. The scale developed
for pandemic fatigue closed a gap in the literature
and conceptualized a brief self-report measure of
pandemic fatigue.

Thus, this concept was differentiated from other
feelings and perceptions related to the pandemic and
behavioral responses to the pandemic. The study
supported a two-factor structure with similar charac-
teristics to the original. The sub-factors were named
information fatigue and behavioral fatigue. Apply-
ing the scale to different age groups and people with
other socio-demographic characteristics may posi-
tively contribute to policymakers.

For example, Labrague [33] conducted a study
investigating the effect of pandemic fatigue on
nurses’ mental health, sleep quality and job satisfac-
tion among clinical nurses who worked hard during
the pandemic period. On the other hand, Pether-
ick et al. [34] examined the fatigue caused by the
pandemic in societies during the pandemic process,
with data from 14 different countries. It has been
found that commitment has a linear increase in rel-
atively low-cost and conventional behavior patterns
but decreases in commitment over time insensitive
and relatively more costly behavior patterns. Using
the Turkish version of the scale in Turkey may help
determine the level of pandemic fatigue as the atti-
tudes of Turkish society in terms of pandemic fatigue
can be determined. Pandemic fatigue among differ-
ent occupational groups can be addressed so that the
results are compared with the findings obtained in
other societies. In addition, with the data obtained in
this study, it can be ensured that measures are taken
to reduce the effect of pandemic fatigue in terms of
Turkish society.

Although this study was conducted in all regions
of Turkey, it has limited generalizability because
the data were collected by online survey method.
At the same time, since the concept of pandemic
fatigue has emerged with COVID-19, the effects of
this phenomenon may not be revealed by quantitative

research methods in the short term. Therefore, future
studies should investigate this phenomenon in depth
with qualitative studies in the medium and long term.
Likewise, since this article is only a methodologi-
cal study, it is necessary to investigate the pandemic
fatigue with regression models in future research, in
order to compare the results or investigate the causes.

5. Conclusion

The Pandemic Fatigue Scale can be used to deter-
mine how the government and health authorities can
reduce pandemic fatigue; it can also be used when
necessary to determine at what intervals fatigue may
occur in terms of public compliance with the rules
and enable the preventative measures accordingly.
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