815

Journal of Alzheimer’s Disease 44 (2015) 815–826
DOI 10.3233/JAD-142229
IOS Press

Visual Versus Semi-Quantitative Analysis
of 18F-FDG-PET in Amnestic MCI: An
European Alzheimer’s Disease
Consortium (EADC) Project
Silvia Morbellia , Andrea Brugnolob , Irene Bosserta , Ambra Buschiazzoa , Giovanni B. Frisonic,d ,
Samantha Galluzzic , Bart N.M. van Berckele , Rik Ossenkoppelee , Robert Perneczkyf,g,h ,
Alexander Drzezgai,1 , Mira Didicj , Eric Guedjk , Gianmario Sambucetia , Gianluca Bottonia ,
Dario Arnaldib , Agnese Piccob , Fabrizio De Carlil , Marco Paganim,n and Flavio Nobilib,∗
a Nuclear Medicine, Department of Health Sciences (DISSAL), University of Genoa, IRCCS AOU San Martino–IST,

Genoa, Italy
b Clinical Neurology, Department of Neuroscience, Rehabilitation, Ophthalmology, Genetics, and Mother-Child
health (DINOGMI), University of Genoa, IRCCS AOU San Martino–IST, Genoa, Italy
c LENITEM Laboratory of Epidemiology and Neuroimaging-IRCCS S. Giovanni di Dio-FBF, Brescia, Italy
d University Hospitals and University of Geneva, Geneva, Switzerland
e Department of Nuclear Medicine & PET Research, VU University Medical Center, Amsterdam, The Netherlands
f Neuroepidemiology and Ageing Research Unit, School of Public Health, Faculty of Medicine, The Imperial College
of Science, Technology, and Medicine, London, UK
g West London Cognitive Disorders Treatment and Research Unit, London, UK
h Department of Psychiatry and Psychotherapy, Technische Universität, Munich, Germany
i Department of Nuclear Medicine, Technische Universität, Munich, Germany
j APHM, CHU Timone, Service de Neurologie et Neuropsychologie, Aix-Marseille University, INSERM U 1106,
Marseille, France
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Abstract. We aimed to investigate the accuracy of FDG-PET to detect the Alzheimer’s disease (AD) brain glucose hypometabolic
pattern in 142 patients with amnestic mild cognitive impairment (aMCI) and 109 healthy controls. aMCI patients were followed
for at least two years or until conversion to dementia. Images were evaluated by means of visual read by either moderately-skilled
or expert readers, and by means of a summary metric of AD-like hypometabolism (PALZ score). Seventy-seven patients
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converted to AD-dementia after 28.6 ± 19.3 months of follow-up. Expert reading was the most accurate tool to detect these MCI
converters from healthy controls (sensitivity 89.6%, specificity 89.0%, accuracy 89.2%) while two moderately-skilled readers
were less (p < 0.05) specific (sensitivity 85.7%, specificity 79.8%, accuracy 82.3%) and PALZ score was less (p < 0.001) sensitive
(sensitivity 62.3%, specificity 91.7%, accuracy 79.6%). Among the remaining 67 aMCI patients, 50 were confirmed as aMCI
after an average of 42.3 months, 12 developed other dementia, and 3 reverted to normalcy. In 30/50 persistent MCI patients, the
expert recognized the AD hypometabolic pattern. In 13/50 aMCI, both the expert and PALZ score were negative while in 7/50,
only the PALZ score was positive due to sparse hypometabolic clusters mainly in frontal lobes. Visual FDG-PET reads by an
expert is the most accurate method but an automated, validated system may be particularly helpful to moderately-skilled readers
because of high specificity, and should be mandatory when even a moderately-skilled reader is unavailable.
Keywords: Alzheimer’s disease, amnestic mild cognitive impairment, FDG-PET, PALZ score, visual read

INTRODUCTION
18 F-fluorodeoxyglucose positron emission tomography (FDG-PET) has long been recognized as an
accurate biomarker for the diagnosis Alzheimer’s
disease (AD) dementia [1, 2]. The typical ‘AD
hypometabolic pattern’ is well known and mainly
includes the posterior cingulate cortex, precuneus, posterior temporoparietal cortex, and medial temporal
lobe hypometabolism. With different metrics, sensitivity and specificity above 80% have been consistently
reported in AD dementia [3].
As FDG-PET correlates well with the severity of
cognitive impairment [4], the AD hypometabolic pattern may be less evident at the stage of mild cognitive
impairment (MCI) due to AD and consequently the
sensitivity could be lower. Nowadays, the main question is to identify the AD hypometabolic phenotype at
the MCI stage, or even earlier, in order to intervene
promptly and to access clinical trials with diseasemodifying drugs.
Recent FDG-PET data are emerging in MCI cohorts
from large multicenter studies [5–9], with mediumterm follow-up (i.e., 2–3 years), showing variable
sensitivity and specificity, mainly depending on the
metric used to analyze data [3]. In this recent
meta-analysis in pooled 532 MCI patients, average
FDG-PET prognostic sensitivity to the development
of AD dementia, obtained with different metrics,
was 76% and average specificity versus non-converter
patients was 74%. Visual read was the most sensitive
(94%) but the least specific (68%) tool, individual case
analysis with statistical parametric mapping (SPM)
being the most specific (92%) but the second least
sensitive (72%).
However, while diagnostic sensitivity can be easily
computed in MCI converters, specificity computation
versus non-converters is seriously flawed by the limited time of follow-up in most studies, as it has been
shown that a non-negligible part of MCI patients can

take up to 7 years to convert to dementia [10]. Indeed,
hypometabolism within the AD pattern can be identified also in the group of non-converter MCI patients
[11–13], especially in those showing cognitive worsening during the follow-up [14].
As for all the other AD biomarkers, one of the main
issues is how FDG-PET images are evaluated and/or
measured. In the above mentioned meta-analysis, the
authors concluded that diagnostic accuracy of imaging biomarkers is at least as dependent on how the
biomarker is measured as on the choice of biomarker
itself [3]. As a matter of fact, FDG-PET scans are
still usually reported visually by nuclear medicine
physicians which introduces another ‘variable in the
equation’ of PET reporting because readers’ expertise
may range widely. On the other side, the automatic or
semi-automatic available tools have a lower inter-rater
variability but some of them, such as the SPM maps,
are not user-friendly and the statistical output maps still
require to be evaluated, especially if few and sparse
hypometabolic clusters are highlighted. Only some
of them are freely available and they are not widely
distributed, especially in nuclear medicine departments without expertise or specific interest in brain
imaging.
Even more importantly, the direct comparison
between visual read and statistically-assisted interpretation is poorly known in MCI patients. In a recent
paper comparing MCI patients and controls, statistical
surface projection (SSP) software improved specificity
versus visual read while the sensitivity was similar versus both the beginner and the expert reader [15]. The
FDG-PET guidelines of the European Association of
Nuclear Medicine (EANM) [16] admit the use of both
visual and software-aided approaches, recommending
their combined use but not suggesting further procedural reading guidelines, and a similar position has
been taken by the Society of Nuclear Medicine in its
2009 guidelines. Accordingly, especially in daily clinical practice, the best way of reporting FDG PET scans
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is still a matter of debate and clear statements from
international societies are lacking.
We compared the diagnostic performance of visual
read with that of an automatic tool [17, 18] yielding
a statistical classification of FDG-PET scans in 109
healthy subjects and 142 patients with amnestic MCI
(aMCI) recruited by the European Alzheimer Disease
Consortium (EADC) PET project, followed-up for at
least 2 years or until conversion to dementia.
METHODS
Subjects
Clinical, neuropsychological, and FDG-PET data
derive from the FDG-PET project of the EADC
(http://www.eadc.info/sito/pagine/a 07.php?nav = a),
aimed at joining together data from patients with MCI
and normal controls. Six EADC centers (namely,
Amsterdam, Brescia, Genoa, Marseille, Munich,
Perugia) in four countries participated.
Patients with aMCI with or without impairment in
other cognitive domains and healthy controls have been
enrolled. To date, data from 109 healthy controls and
225 aMCI patients are available, but for the purpose
of the present study, we considered only those aMCI
patients with a clinical follow-up of either at least two
years or until the development of dementia. These were
142 patients whose main demographic and clinical
characteristics are shown in Table 1.
As for aMCI, the inclusion and exclusion criteria
are explained in previous papers [19, 20]. In summary,
they basically included outpatients newly referred for
cognitive complaints to a center dedicated to the evaluation of cognitive disorders. Cognitive complaints
mainly included memory complaints but they could
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also include difficulties in other cognitive domains,
such as attention and orientation. Main exclusion criteria were dementia; any somatic, metabolic, psychiatric,
or neurological disorder that may cause cognitive
impairment. Dementia was excluded by the clinical
interviews with patients and caregivers that ruled out
significant impairment in activities of daily living, and
by means of the Clinical Dementia Rating (CDR) scale,
scoring 0.5 in all aMCI patients. General cognition was
assessed by means of the Mini-Mental State Examination (MMSE) in all centers.
All subjects underwent rating scales for depression and neuropsychiatric symptoms according to
the routine in use in each center. Patients with
major depression, delusions, or hallucinations were
excluded. Structural neuroimaging was mainly performed by means of magnetic resonance imaging
(MRI) while computed tomography (CT) was performed when MRI was unfeasible because of
contraindications or patient intolerance.
Neuropsychological tests were administered in the
domains of memory, language, executive function,
attention, and visuoconstruction, according to the routine of each center, in order to define the aMCI
syndrome, according to the Petersen’s criteria [21].
Raw scores were converted to age-, education-, and
gender-corrected Z-scores according to locally collected or published normative data in use in each center
that vary among countries and languages. Impairment
was defined as a Z-score of −1.5 or lower. Subjects with impairment in the memory domain only
(single-domain aMCI) or with impairment in the memory domain plus impairment in non-memory domains
(multidomain aMCI) were defined as aMCI.
The 142 aMCI patients were regularly followedup to identify those developing dementia. During this

Table 1
Main demographic and clinical characteristics of 142 patients with aMCI followed-up for at least 2 years (or until the conversion to dementia)
in the EADC-PET project. Values are expressed as mean ± standard deviations
All
Number
Age (y)
Gender M/F
Education (y)
MMSE (mean ± SD)
Follow-up (mos)
Neuropsychological Z scores
Verbal memory Immediate recall
Verbal memory Delayed recall
Language
Visuoconstruction
Attention
Executive Function

Converted
to AD

MCI
non-converters

Converted to
other dementia

Reverted
to normal

142
72.07 ± 8.20
74/68
9.64 ± 4.29
26.80 ± 1.98
33.44 ± 19.50

77
73.51 ± 8.01
33/44
9.78 ± 4.33
26.75 ± 2.02
28.62 ± 19.26

50
70.04 ± 8.03
30/20
9.80 ± 4.29
26.82 ± 2.00
42.30 ± 17.18

12
72.58 ± 7.89
10/2
7.33 ± 3.50
26.75 ± 1.54
27.92 ± 21.02

3
67.00 ± 11.14
1/2
12.67 ± 4.51
28.00 ± 2.65
31.33 ± 3.79

−1.19 ± 1.12
−1.68 ± 1.0
−0.02 ± 1.47
−0.31 ± 1.62
−0.46 ± 2.71
−0.87 ± 1.99

−1.45 ± 1.04
−1.88 ± 0.91
−0.02 ± 1.68
−0.29 ± 1.64
−0.70 ± 2.27
−1.24 ± 1.66

−0.87 ± 1.18
−1.51 ± 1.06
−0.21 ± 0.18
−0.09 ± 1.41
0.25 ± 3.88
−0.03 ± 2.68

−0.95 ± 1.09
−1.32 ± 1.07
0.54 ± 1.01
−1.31 ± 2.06
−0.95 ± 1.44
−1.08 ± 1.40

−1.19 ± 1.07
−1.23 ± 1.44
1.22 ± 0.91
−0.54 ± 2.17
−0.10 ± 1.20
−0.31 ± 1.30
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period, patients were carefully treated for systemic
co-morbidity. None of the patients was taking antidementia medication at the time of either PET scan or
during the follow-up period, until a formal diagnosis
of AD-dementia was made.
Diagnosis of dementia was established according to
the criteria in use at the beginning of the study. Dementia of the AD type was diagnosed according to the
National Institute of Neurological and Communicative
Disorders, Stroke, Alzheimer’s Disease and Related
Disorders Association (NINCDS-ADRDA) criteria
[22] and to the Diagnostic and Statistical Manual
of Mental Disorders (DSM-IV R) criteria. Diagnosis of frontotemporal lobar degeneration (FTLD) and
dementia with Lewy bodies (DLB) was formulated
according to the Neary et al. [23] and McKeith et al.
[24] criteria, respectively.
Healthy controls recruited by the same EADC centers have been described in previous papers [19, 20].
Briefly, they were volunteers undergoing the same
clinical and neuropsychological evaluation as patients
and were not taking neuropsychoactive drugs or drugs
known to interfere with cerebral metabolism. Only subjects with a MMSE score >26 and a CDR = 0 were
included. There were 109 subjects, 53 males and 56
females, mean age 67.0 ± 6.6 years, mean MMSE
score: 29.3 ± 1.0, mean education: 11.4 ± 4.0 years.
Their healthy status was checked again with a clinical interview about one year later (mean: 11.8 ± 4.8
months).
Subject information and scans uploaded by each
center were as follows: Amsterdam, 16 patients and 20
controls; Brescia, 43 patients and 27 controls; Genoa,
40 patients and 33 controls; Marseille, 9 patients and 10
controls; Munich, 34 patients and 19 controls; at the
time of this data analysis, Perugia had not uploaded
cases yet.
The study was carried out in accordance with the
content of the Helsinki declaration and was approved
by the local Ethics Committees; all subjects provided
written informed consent.
PET procedures
FDG-PET was performed within 2 months from
the baseline clinical-neuropsychological examination
according to the EANM guidelines in use when the
study began [25]. Subjects fasted for at least 6 h.
Before radiopharmaceutical injection, blood glucose
was checked and was <140 mg/dL in all subjects. Subjects were injected with 185–250 MBq of 18F-FDG
via venous cannula. Required minimum time interval

between injection and scan start was 30 min. Required
minimum scan duration was 10 min. Emission scans
were acquired in 3-dimensional mode. Images were
reconstructed using an ordered subset expectation
maximization (OSEM) algorithm in all centers but
Amsterdam (filtered backprojection). Attenuation correction was based on CT scan in Brescia, Genoa, and
Marseille, and on transmission scan in Munich and
Amsterdam. Scatter correction was performed using
standard software as supplied by scanner manufacturers. Technical details of the scanners used in the
different centers are reported in previous papers [19,
20]. Anonymous scans and clinical information were
uploaded in a dedicated safe file transfer protocol
web site.
Image analysis
Our aim was to compare the ability of moderatelyskilled readers, an expert reader, and an automatic
voxel-based analysis method. In order to reproduce
‘the real world’ of FDG-PET reporting, we imagined
two conditions, i.e., one expert reporting alone and
two moderately-skilled readers reporting together and
reaching a final common opinion. We choose not to
test the performance of a beginner reader because we
believe that recognizing subtle metabolic abnormalities in such a clinical context cannot be faced by a
beginner left alone. Also, we chose not to evaluate
the incremental diagnostic value of PALZ score with
respect to qualitative readings because we wanted to
directly compare the two reading systems and obtain
accuracy values for both, which is poorly known in
MCI patients, prior to evaluate in another series the
incremental value of the automatic system to visual
reads.
Then, we first defined a ‘moderately-skilled’ reader
as a nuclear medicine physician with about a 3-year
experience in weekly reporting of FDG-PET scans and
a total of about 500 scans commented and reported
together with an expert. Secondly, we defined an
‘expert’ reader one with at least 10-year experience
in weekly reporting of FDG-PET scans and with sustained scientific activity in the field. We then identified
one expert and two moderately-skilled readers, the
latter reading the scans together and were forced to
reach a consensus. All raters read the 251 scans (142
patients and 109 controls) without any other information and forced to a dichotomous reading, i.e.,
Alzheimer hypometabolic pattern present or absent.
Only when the Alzheimer pattern was absent, then
the readers were invited to express whether another
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hypometabolic pattern could be identified, including the FTLD and the DLB pattern. The Alzheimer
pattern was defined according to the large literature
evidence and included hypometabolism in at least one
of the following: posterior cingulate cortex, precuneus,
posterior temporoparietal cortex, and medial temporal lobe. The FTLD pattern included at least one of
the following: orbitofrontal cortex, dorsolateral frontal
cortex, ventrolateral frontal cortex, anterior temporal
lobe, insula, and anterior cingulate cortex. The DLB
pattern included the Alzheimer pattern without necessarily the medial temporal lobe but with the lateral
occipital cortex.
The PMOD software (PMOD technologies,
http://www.pmod.com) was used for automatic,
voxel-based evaluation of scans with the ‘Alzheimer’
option computing the ‘Probability of ALZheimer’
or PALZ score. The PALZ score is a voxel-based
parametric mapping method yielding diagnostic
information on brain regions that are typically
affected in AD [17]. Individual FDG-PET images
are compared to a fixed database of normal elderly
scans through a voxel-wise t-test, including age as
confounding variable. The PALZ score is computed
as voxel-by-voxel sum of t-scores in a pre-defined
AD-pattern mask. PALZ was developed to distinguish
AD from healthy controls above 50 years of age.
The threshold for abnormality was set at 11,090
(t-sum higher than 11,090 = abnormal FDG-PET). As
some centers provided Dicom files and some others
provided Analyze files, Dicom files were converted to
Analyze format. In fact, the use of different formats
gives rise to slight differences in PALZ scores, as
already outlined in a previous paper [6]. With analyze
format, images must be checked for correct display
orientation and eventually reoriented to anatomic
position, preliminary to PALZ score computation.
Statistics
Confidence intervals (CI) for sensitivity, specificity,
accuracy, positive (PPV) and negative (NPV) predictive values were computed by using the Wald
interval for binomial proportions [26]. CI for positive (+LR) and negative (−LR) likelihood ratios were
computed according to Simel et al. [27], while CI
for the odds ratio were computed by the conventional log-transform method [28]. Paired comparisons
between classifiers for sensitivity, specificity, and accuracy were performed by Mc Nemar binomial test.
Paired comparison between classifiers for PPV and
NPV was performed according to the generalized score

819

statistic proposed by Leisenring et al. [29]. Paired comparisons between classifiers for +LR and –LR were
performed by the evaluation of log-transformed LR
according to Nofuentes & Del Castillo [30]. Paired
comparisons between classifiers for odds ratio were
performed by evaluating conditional relative odds
ratio, based on McNemar’s odds ratio, according to
the method described by Suzuky [31]. Receiver operating characteristic comparison was unfeasible due to
the dichotomous output of visual reading.
RESULTS
Follow-up diagnosis
During the follow-up period (mean in the 142
patients: 33.4 ± 19.5 months, range: 6–98), 77 patients
(54.2%) progressed to AD dementia (‘prodromal AD’
patients, pAD), 10 patients (7%) developed FTLD, 2
patients progressed to DLB, and 3 patients reverted
to a normal condition. The remaining 50 patients were
confirmed to have aMCI at the last available follow-up,
ranging from 24 to 98 months (details in Table 1).
Control group
The AD-hypometabolic pattern was seen in 22
healthy subjects by the moderately-skilled readers
(79.8% specificity), in 12 subjects by the expert (89%
specificity) while the PALZ score yielded a statistically significant result in 9 controls (91.7% specificity).
Specificity was significantly higher for either the expert
or PALZ score than for the moderately-skilled readers
(p < 0.05) but did not differ between expert and PALZ
score. Concordance between the two visual reading
systems was 78%, between the expert and PALZ score
was 84.4%, and between the moderately-skilled readers and PALZ score was 75.2%. Figure 1 shows an
example of a negative PALZ score in a control subject
in whom the AD hypometabolic pattern was erroneously recognized by the moderately-skilled readers.
MCI patients who later converted to AD dementia
(prodromal AD, pAD)
The conversion to AD dementia in these 77 patients
was fixed as the ‘gold standard’ to evaluate sensitivity of different PET readings. The moderately-skilled
readers, the expert, and the PALZ score identified
the AD hypometabolic pattern in 85.7%, 89.6%, and
62.3% of patients, respectively. Sensitivity was higher
for both expert (p < 0.001) and moderately-skilled
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Fig. 1. Example of false positive reading with the moderately-skilled readers. The AD hypometabolic pattern was erroneously recognized by
the moderately-skilled readers in a 62 year-old male control subject with a normal PALZ score (T-sum within AD regions: 8,044). On top,
FDG-PET visual analysis discloses very mild and sparse asymmetries in frontal-insular and inferior parietal regions (left minus) and in superior
parietal region (right minus) (higher to lower uptake in white, red, yellow, green, and blue colors in decreasing order). On bottom, statistical
maps obtained by means of the PMOD software showing very small and sparse significant hypometabolic clusters (in red).

Fig. 2. Example of false negative reading with the T-sum score. The AD hypometabolic pattern was recognized by the expert while the PALZ
score was not significantly increased in a 72 year-old man converted to AD-dementia after 40 months of follow-up. On top, FDG-PET visual
analysis discloses moderately reduced uptake in left temporo-parietal cortex while the statistical PMOD maps (on bottom) shows significant
hypometabolic clusters in bilateral temporal regions and left parietal cortex without reaching the statistical threshold (T-sum = 7,225). Other
details as in Fig. 1.

readers (p < 0.01) than for PALZ score while did not
significantly differ between the two visual readings.
Concordance between the two visual readings was
88.3%, between the expert and PALZ score was 62.3%,
and between the moderately-skilled readers and PALZ
score was 63.6%. In three patients, neither the expert

nor the PALZ score were consistent for the presence of
an AD hypometabolic pattern. Fig. 2 shows an example of a negative PALZ score in a patient in whom
the AD hypometabolic pattern was recognized by the
expert. In summary, total accuracy of moderatelyskilled readers, expert and T-sum was 82.30%, 89.25%,
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Table 2
Summary of FDG-PET analysis in 77 patients with aMCI and 109 controls from the EADC-PET project
Sensitivity (95% C.I.)
Specificity (95% C.I.)
Total accuracy (95% C.I.)
Positive predictive value (95% C.I.)
Negative predictive value (95% C.I.)
+Likelihood ratio (95% C.I.)
−Likelihood ratio (95% C.I.)
Odds ratio (95% C.I.)
Z value

Moderately-skilled readers

Expert reader

PALZ score

0.857 (0.755–0.923)++
0.798 (0.708–0.867)+∗
0.823 (0.760–0.874)∗
0.750 (0.644–0.833)∗
0.888 (0.804–0.940)++
4.25 (2.89–6.24)∗
0.18 (0.10–0.31)++
23.73 (10.75–52.35)
7.84

0.896 (0.800–0.951)
0.890 (0.812–0.939)
0.892 (0.839–0.933)
0.852 (0.752–0.918)
0.924 (0.851–0.964)
8.14 (4.75–13.96)
0.12 (0.06–0.23)
69.7 (27.06–179.62)
8.79

0.623 (0.505–0.729)∗∗∗
0.917 (0.845–0.959)
0.796 (0.731–0.851)∗
0.842 (0.716–0.921)
0.775 (0.691–0.842)∗∗∗
7.55 (3.94–14.45)
0.41 (0.31–0.55)∗∗∗
18.39 (8.07–41.89)∗
6.93

∗∗∗ p < 0.001; ∗∗ p < 0.01; ∗ p < 0.05

in the comparison between either moderately-skilled readers or PALZ score and the expert
reader.++ p < 0.01; + p < 0.05 in the comparison between moderately-skilled readers and PALZ score. Nominal probability levels,
uncorrected for multiple comparisons. See the Statistics section in the Methods for statistical method details.

and 79.57%, respectively. Table 2 summarizes the
results and reports positive (PPV) and negative (NPV)
predictive values, positive (+LR) and negative (−LR)
likelihood ratio, and odds ratio for the three reading
systems.
Patients with persistent MCI at follow-up
FDG-PET scan reading in persistent MCI group
without a definite clinical outcome was faced by considering the best figures of sensitivity and specificity
reached in the 77 pAD patients and in the 109 controls, i.e., the expert reading was the gold-standard for
sensitivity and the concordance of both expert reading
and PALZ score was the gold-standard as for specificity. In fact, specificity values reached by experts

and PALZ score were very similar. We thus identified
a group of aMCI patients likely expressing the AD
hypometabolic pattern based on the expert’s score and
a group of patients in whom the AD hypometabolic
pattern was unlike based on the concurring negative
evaluation of the expert and of PALZ score. The expert
identified the AD-hypometabolic pattern in 30 patients
(aMCIExp+) (Fig. 3 shows a patient with a positive
PALZ score also) while both the expert and the PALZ
score were negative in 13 cases (aMCIExp-/PALZ-). In
the remaining 7 patients, the PALZ score was positive
but the expert did not identify the AD-hypometabolic
pattern (aMCIExp-/PALZ+) (example in Fig. 4).
Table 3 reports the main data for the 30 aMCIExp +and 13 aMCIExp-/PALZ- subgroups. Briefly, the
two subgroups did not show significant differences for

Fig. 3. Example of AD hypometabolic pattern recognized by the expert and with a positive PALZ score (T-sum = 12,628) in a 64 year-old man
with persistent aMCI after a 40-month follow-up. On top, FDG-PET visual analysis shows moderately reduced uptake in the left temporo-parietal
cortex. On bottom, statistical PMOD maps also shows significant clusters within the AD hypometabolic pattern in left temporo-parietal cortex
and right parietal cortex. Other details as in Fig. 1.
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Fig. 4. Example of absence of AD hypometabolic pattern according to the expert but with a positive PALZ score (T-sum = 15,180) in a 79
year-old woman with persistent aMCI after a 42-month follow-up. On top, FDG-PET visual analysis does not clearly show reduced uptake in
the typical AD regions. On bottom, statistical PMOD maps shows significant hypometabolic clusters sparsely distributed in bilateral frontal and
temporal lobes, the anterior cingulate cortex, right cuneus and posterior cingulate cortex, and left parietal lobe. Other details as in Fig. 1.
Table 3
Main clinical characteristics in the two main subgroups of patients with persistent MCI at follow-up
Number
Age (y; mean ± SD)
Gender M/F
Education (y; mean ± SD)
PALZ (T-sum score; mean ± SD)
Basal MMSE (mean ± SD)
Follow-up MMSE (mean ± SD)
Follow-up length (mo; mean ± SD)

aMCIExp+

aMCIExp-/PALZ-

p value

30
69.7 ± 8.69
22/8
10.0 ± 4.75
20359.53 ± 15799.30
26.77 ± 1.74
24.43 ± 2.18
41.67 ± 16.67

13
69.1 ± 7.70
6/7
10.5 ± 3.26
4993.47 ± 3248.69
27.78 ± 2.28
26.15 ± 3.56
44.23 ± 21.89

n.s.
n.s.
n.s.
<0.001
n.s.
<0.05
n.s.

aMCIEXP+, patients in whom the expert identified the AD hypometabolic pattern; aMCIExp-/PALZ-, patients in whom
neither the expert nor the PALZ score identified an AD hypometabolic pattern. PALZ (T-sum score), number of voxels in
the AD hypometabolic regions as identified by the automated analysis of PALZ.

the main demographic characteristics, MMSE score
at baseline and for the length of follow-up while at
follow-up the MMSE score was lower (p < 0.05) in
the 30 aMCIExp+ than in the 13 aMCIExp-/PALZsubgroup.
MCI patients converted to FTLD, DLB,
or reverted to normal condition
We did not include in the statistical analysis the findings in these small subgroups, but rather reported them
with descriptive purposes because the PALZ score has
been developed and validated to differentiate between
AD and healthy controls, not other dementia. Notwithstanding, the frontal association cortex and some areas
of the anterolateral temporal cortex fall within the
PALZ computation so that even in FTLD patients the
PALZ can give a pathological result. Keeping this in

mind, a specific FTLD pattern was concordantly recognized in 9 out of 10 FTLD patients by both the
moderately-skilled readers and the expert (90% sensitivity), and in 6 of them the PALZ score was positive.
The two DLB patients were concordantly read as with
a DLB pattern by all readers and the PALZ score was
positive. Among the three subjects reverted to a normal condition, the moderately-skilled readers reported
a normal scan in one, the expert in two while the PALZ
score was normal in all the three subjects.
DISCUSSION
This study shows that visual read of FDG-PET is
quite sensitive in identifying the AD hypometabolic
pattern in aMCI patients who later converted to AD
dementia, if adequate training and expertise is provided. Sensitivity was slightly but not significantly
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lower in the moderately-skilled readers than in expert
reader while was significantly lower for PALZ score.
Thus the trained reader can pick-up subtle abnormalities that do not reach the threshold of statistical
significance set for the T-sum score. This better sensitivity can be due to several factors, including the ability
of the skilled reader to highlight inter-hemispheric
asymmetries in critical areas, a feature that is not
available in the PALZ scoring system, or by other
voxel-based statistical mapping system, such as SPM.
Only very recently some automatic tools for the
analysis of FDG-PET in dementia have embedded
asymmetry computation [32]. Evaluation of asymmetries was already regarded as a very sensitive approach
to detect abnormalities in brain function in dementia
[33] and in cerebrovascular disease [34]. Indeed, evaluation of asymmetries is among the cornerstones of
reader training in specialized centers and one of the
main index on which the expert reader bases his/her
evaluation. In milder cases, such as aMCI patients, a
metabolic asymmetry can be highlighted by the visual
reading but either the relatively hypometabolic region
may be not large enough or the hypometabolism may
be not severe enough to reach the statistical threshold on PALZ score. On the other hand, the PALZ score
sensitivity was set based on patients with AD dementia
and even if it has been shown to reach 83% in very mild
AD patients [17] and 85% in mild AD [18], it has not
been specifically trained and validated in prodromal
AD patients (i.e., aMCI patients later converted to AD
dementia). Indeed, few data have dealt with sensitivity of PALZ score in MCI converter patients showing a
sensitivity of 57% in 30 MCI converter patients coming
from the ADNI database [18] and of 79% in 14 MCI
converter patients in a naturalistic population [35].
Thus, the present series of MCI converter patients is the
largest ever assessed with the PALZ score. A similar
phenomenon has been verified for an MRI automatic
analysis method measuring temporal atrophy that was
less accurate in distinguishing between MCI converters and non-converters when the tool was trained in
AD-dementia patients versus controls rather than in
MCI converters versus non-converters [36].
Sensitivity of FDG-PET between 80% and 90%
in prodromal AD patients has been recently found
in other cohorts with different metrics. Landau et al.
[37] reported 82% sensitivity with region of interest
analysis in critical regions in 28 patients with MCI
due to AD from the ADNI database, followed for
12–36 months (mean 21). In the study by Shaffer et al.
[7] in 43 patients with MCI due to AD, sensitivity
by means of principal component analysis was 86%.

823

Using a ‘hypometabolic convergence index’, sensitivity of 81.8% was found in 36 MCI ADNI patients
converted to AD dementia in 18 months [5]. A recent
meta-analysis pooling 532 MCI patients described in
10 studies reported a mean sensitivity of 76%, obtained
with different metrics, but in particular the sensitivity
reached with visual read was 94%, thus close to the
figure obtained in our study [3].
Instead, specificity was fairly good especially with
the PALZ score, slightly lower with the expert but
significantly lower with the moderately-skilled readers. The 91.7% specificity is close to the high figure
reported in previous studies with the PALZ score,
comparing AD patients and controls, ranging between
78.4% and 94.4% [17, 18, 38]. The moderately-skilled
reader tends therefore to overemphasize minimal
changes that are part of the between-subject variability
in brain function. Thus, only the expert could reasonably avoid the assistance of the automatic system
while the moderately-skilled readers may take advantage of it to improve specificity. We choose not to test
the ‘beginner’ reader, but the results obtained in the
moderately-skilled readers strongly suggest that the
assistance of an automatic and validated reading system is mandatory for beginners who cannot access an
expert-guided reader training and have not completed
a relevant number of scans reported with supervision. The significant support of an automatic system to
visual reading for moderately-skilled readers is in substantial agreement with the few other papers assessing
this issue in smaller groups. In 39 AD patients and 40
subjects without AD, 3D-SSP significantly improved
accuracy of novice readers allowing them to score similarly as expert readers, but 3D-SSP did not significantly
improve the performance of experts which was already
rather high [39]. In another paper in 30 AD patients
and 30 controls, adopting volumes of interest analysis as derived by 3D-SSP, experts performed better
than beginners and the automatic analysis significantly
improved beginner performance in the 15 patients with
late-onset AD, but not expert performance [40]. The
only other available paper in MCI concerned a group
of 18 patients and showed that 3D-SSP increased specificity, but not sensitivity, of both beginner and expert
readers [15].
An intriguing part of this study concerns the 50
patients still in an aMCI stage after a mean time of
3 years and a half since the first evaluation. We know
that either these patients have been assessed very early
on the path of AD evolution (late converters) or they
have MCI not related to a neurodegenerative disease.
In thirty of them, the expert identified the typical AD
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hypometabolic pattern, thus suggesting that FDG-PET
can pick up the AD phenotype at least 3.5 years in
average before the onset of AD dementia. Indeed, the
MMSE score at the last available follow-up was lower
in this subgroup than in the 13 patients with a normal
FDG-PET, confirming the ongoing decline although
not yet reaching the clinical stage of dementia. These
data are in keeping with the findings in familial [41]
and sporadic [5–9, 12–14] AD and are in line with the
biomarker temporal cascade hypothesis as proposed
by Jack et al. [42, 43], suggesting that FDG-PET can
disclose the AD hypometabolic pattern several years
before the onset of cognitive symptoms. Furthermore,
they are in accordance with the data suggesting that the
impact of FDG-PET is particularly useful in the management of those patients with less severe cognitive
impairment [44].
Conversely, in 13 out of these 50 patients both the
two most specific reading systems, i.e., the expert and
PALZ score, were negative strongly suggesting that
their MCI syndrome was not related to a neurodegenerative disease. Several factors can affect cognitive
tests over time, such as low socioeconomic level [45]
and small vessel cerebrovascular disease [46], which
were not specifically addressed in this study. In seven
patients, the PALZ score was positive but the expert
did not recognize the AD hypometabolic pattern. The
interpretation of this unexpected result, given the lower
sensitivity and the paired specificity of PALZ score
as compared to the expert, seems to rely in the peculiar construct of PALZ score that includes several
areas in the frontal lobes as pertaining to the ADhypometabolic pattern (Fig. 4). However, the expert
interprets frontal hypometabolism as potentially due
to AD only if temporoparietal hypometabolism can be
concomitantly visualized, an operation not performed
by the PALZ score computation. The peculiar results
obtained in these seven patients highlight another problem, the statistical maps obtained at individual level
through PMOD or by other automatic systems, such as
SPM, that need eventually to be interpreted.
It is worth noting that 12 patients converted to FTLD
or DLB, and FDG-PET visual reading was consistent
with the diagnosis in all but one patient. This result
is in keeping with the notion that, although aMCI
patients are more prone to convert to AD dementia, they can develop other types of dementia [47].
This finding underlines that the adequate knowledge of
hypometabolic patterns associated with different types
of dementia (obtained either visually or by means of
a software-generated map) is mandatory for the final
interpretation of scans [48]. This subgroup of patients

further proves the unbroken role of FDG-PET in aMCI
patients even in the era of amyloid PET. By exploring
the topographical distribution of hypometabolism in
a large spectrum of diseases, FDG-PET can improve
diagnostic accuracy at a time when the clinician needs
to know whether his/her patient with aMCI is actually
affected by a neurodegenerative disease by identifying
a specific hypometabolic pattern [2].
Some limitations of this study should be acknowledged. These aMCI patients were recruited at
specialized centers and therefore conclusions may not
be generalized in the whole MCI population. In fact, the
conversion rate to dementia was high (26% per year)
but it has been shown that patients with aMCI have a
higher conversion rate than the general population of
MCI, including patients with non-amnestic MCI [49].
We do not have histopathological verification of the
clinical diagnoses, or demonstration of brain amyloidosis by means of PET imaging or decreased A␤1–42
in cerebrospinal fluid (available only in a small subgroup). Although we considered only those patients
with at least two years of follow-up (unless they converted to dementia before), the follow-up time was not
homogeneous. Finally, data were acquired by different
PET scanners although we tried to minimize this heterogeneity by including balanced numbers of patients
and controls from each center.
In conclusion, this study has shown that FDG-PET
is an accurate biomarker of AD-type neurodegeneration in a large series of aMCI patients later converting
to AD dementia and in healthy controls. Even more
important, it can pick up the presence or absence of
an AD phenotype in a subgroup of aMCI patients not
yet converted to dementia after a mean follow up of
more than three years. Visual reads by an expert is the
most accurate method but an automated, validated system may be particularly helpful to moderately-skilled
readers especially because of its high specificity, and
should be mandatory when even a moderately-skilled
reader is unavailable.
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Schröder J, Kato T, Arahata Y, Henze M, Heiss WD (2002)
Discrimination between Alzheimer dementia and controls by
automated analysis of multicenter FDG PET. Neuroimage 17,
302-316.
Herholz K, Westwood S, Haense C, Dunn G (2011) Evaluation of a calibrated (18)F-FDG PET score as a biomarker for
progression in Alzheimer disease and mild cognitive impairment. J Nucl Med 52, 1218-1226.
Morbelli S, Drzezga A, Perneczky R, Frisoni GB, Caroli A,
van Berckel BN, Ossenkoppele R, Guedj E, Didic M, Brugnolo A, Sambuceti G, Pagani M, Salmon E, Nobili F (2012)
Resting metabolic connectivity in prodromal Alzheimer’s disease. A European Alzheimer Disease Consortium (EADC)
project. Neurobiol Aging 33, 2533-2550.
Morbelli S, Perneczky R, Drzezga A, Frisoni GB, Caroli
A, van Berckel BN, Ossenkoppele R, Guedj E, Didic M,
Brugnolo A, Naseri M, Sambuceti G, Pagani M, Nobili F
(2013) Metabolic networks underlying cognitive reserve in
prodromal Alzheimer disease: A European Alzheimer disease
consortium project. J Nucl Med 54, 894-902.
Petersen RC (2004) Mild cognitive impairment as a diagnostic
entity. J Intern Med 256, 183-194.
McKhann G, Drachman D, Folstein M, Katzman R, Price
D, Stadlan EM (1984) Clinical diagnosis of Alzheimer’s disease: Report ofthe NINCDS-ADRDA Work Group under the
auspices of Department of Health and Human Services Task
Force on Alzheimer’s Disease. Neurology 34, 939-944.
Neary D, Snowden JS, Gustafson L, Passant U, Stuss D, Black
S, Freedman M, Kertesz A, Robert PH, Albert M, Boone K,
Miller BL, Cummings J, Benson DF (1998) Frontotemporal lobar degeneration: A consensus on clinical diagnostic
criteria. Neurology 51, 1546-1554.
McKeith IG, Dickson DW, Lowe J, Emre M, O’Brien JT, Feldman H, Cummings J, Duda JE, Lippa C, Perry EK, Aarsland
D, Arai H, Ballard CG, Boeve B, Burn DJ, Costa D, Del Ser T,
Dubois B, Galasko D, Gauthier S, Goetz CG, Gomez-Tortosa
E, Halliday G, Hansen LA, Hardy J, Iwatsubo T, Kalaria RN,
Kaufer D, Kenny RA, Korczyn A, Kosaka K, Lee VM, Lees

826

[25]

[26]
[27]

[28]

[29]

[30]

[31]

[32]

[33]

[34]

[35]

[36]

[37]

[38]

S. Morbelli et al. / Comparative Analysis of FDG-PET in aMCI
A, Litvan I, Londos E, Lopez OL, Minoshima S, Mizuno Y,
Molina JA, Mukaetova-Ladinska EB, Pasquier F, Perry RH,
Schulz JB, Trojanowski JQ, Yamada M; Consortium on DLB
(2005) Diagnosis and management of dementia with Lewy
bodies: Third report of the DLB Consortium. Neurology 65,
1863-1872.
Bartenstein P, Asenbaum S, Catafau A, Halldin C, Pilowski L,
Pupi A, Tatsch K; European Association of Nuclear Medicine
(2002) European Association of Nuclear Medicine procedure
guidelines for brain imaging using [(18)F]FDG. Eur J Nucl
Med Mol Imaging 29, BP43-48.
Brown LD, Cai TT, Das Gupta A (2001) Interval estimation
for a binomial proportion. Statist Sci 16, 101-133.
Simel DL, Samsa GP, Matchar DB (1991) Likelihood ratios
with confidence: Sample size estimation for diagnostic test
studies. J Clin Epidemiol 44, 763-70.
Glas AS, Lijmer JG, Prins MH, Bonsel GJ, Bossuyt PM
(2003) The diagnostic odds ratio: A single indicator of test
performance. J Clin Epidemiol 56, 1129-1135.
Leisenring W1, Alonzo T, Pepe MS (2000) Comparisons of
predictive values of binary medical diagnostic tests for paired
designs. Biometrics 56, 345-351.
Nofuentes JA, Del Castillo JD (2007) Comparison of the likelihood ratios of two binary diagnostic tests in paired designs.
Statist Med 26, 4179-4201.
Suzuki SJ (2006) Conditional relative odds ratio and comparison of accuracy of diagnostic tests based on 2 × 2 tables.
Epidemiology 16, 145-153.
Xia Y, Lu S, Wen L, Eberl S, Fulham M, Feng DD (2014)
Automated identification of dementia using FDG-PET imaging. Biomed Res Int 2014, 421743.
Zahn R, Juengling F, Bubrowski P, Jost E, Dykierek P,
Talazko J, Huell M (2004) Hemispheric asymmetries of
hypometabolism associated with semantic memory impairment in Alzheimer’s disease: A study using positron emission
tomography with fluorodeoxyglucose-F18. Psychiatry Res
132, 159-172.
Rodriguez G, Nobili F, De Carli F, Francione S, Marenco S,
Celestino MA, Hassan K, Rosadini G (1993) Regional cerebral blood flow in chronic stroke patients. Stroke 24, 94-99.
Galluzzi S, Geroldi C, Ghidoni R, Paghera B, Amicucci
G, Bonetti M, Zanetti O, Cotelli M, Gennarelli M, Frisoni
GB; Translational Outpatient Memory Clinic Working Group
(2010) The new Alzheimer’s criteria in a naturalistic series
of patients with mild cognitive impairment. J Neurol 257,
2004-2014.
Chincarini A, Bosco P, Gemme G, Esposito M, Rei L, Squarcia S, Bellotti R, Minthon L, Frisoni G, Scheltens P, Frölich
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